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Motivation and Goals 

When decisions are made based on the output of a high-risk Artificial Intelligence (AI) system, 

the affected person has a right to receive explanations on the decision-making process and 

corresponding result (European Parliament & Council of the European Union, 2024). This 

however poses a significant challenge, as AI algorithms are oftentimes opaque in nature, 

making it difficult to provide reasons on why, e. g., a credit application was denied (Adadi & 

Berrada, 2018). The field of Explainable AI (XAI) has set out to address the lack of 

transparency of AI algorithms and provide model explanations (Adadi & Berrada, 2018). 

However, proposed XAI solutions are oftentimes not evaluated with human users, which raises 

the question to how useful they really are in practice (Suh et al., 2025). 

In light of this, the goal of the thesis is to empirically compare contemporary XAI methods, such 

as LIME and SHAP, concerning their ability to explain the prediction of a Machine Learning 

(ML) classifier to lay users. For this purpose, the student shall provide a brief overview on 

state-of-the-art XAI frameworks, conduct a small-scale user study for a given use case (e. g., 

credit applications), and evaluate two frameworks with lay users. 
 

Required Skills 

• Interest in AI and ML methods 

• Good English skills 

• Prior coding experience (e. g., Python, MATLAB, etc.) 
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